IOSR Journal of Nursing and Health Science (IOSR-JNHS)
e-ISSN: 2320-1959.p- ISSN: 2320—1940 Volume 14, Issue 4 Ser. 2 (Jul. — Aug. 2025), PP 29-35
www.iosrjournals.org

Artificial Intelligence in Healthcare: Revolutionising
Diagnostics for a smarter future

Author: Vedant Malhotra

Abstract: Artificial Intelligence is rapidly transforming the face of modern healthcare, with its one of the most
impactful changes being in the field of diagnostics. Through Ai and its ability of processing vast amounts of
medical data, recognizing patterns, and learning from different inputs Ai offers an unprecedented level of
accuracy, speed and predictive power in disease identification which is getting 10 times better day by day.
Leveraging its subfields such as machine learning or deep learning, computer imaging and language processing
Ai driven diagnostics tools are increasingly capable of outperforming traditional ways of disease detection, risk
stratification and offering clinical support to healthcare workers.

This paper specifically explores the role of artificial intelligence in revolutionising diagnostics forever. It delves
into its application in earlier detection of life threatening diseases such as cancer (including breast, lungs and
prostate), diabetic retinopathy, Alzhimers disease and various types of skin cancer. These conditions mentioned
are usually diagnosed at a very late stage due to late symptoms or even human limitations in imaging and
screening, are now being identified much earlier with greater precision through Ai assisted image analysis,
biomarker recognition and data modeling.

Furthermore this research investigates how Ai is integrated into advanced diagnostic platforms that can support
real time clinical decisions leading to enhanced workflow efficiency and reduced diagnostic errors which
humans make. Special mentions are given to innovative wearable Ai health tools which provide continuous
basic and physiological data which can allow early detection of irregular cardiac activity, sleep disorders and
other chronic decisions. This paper also discusses the growing intersection of genomics and Ai, where large
scale genetic data can be read and analysed in much less time enabling predictive diagnosis of hereditary
disease and personalized medicine.

Lastly this study will address the ethical and operational challenges that accompany the deployment of Ai in
healthcare. Issues such as algorithmic bias, data privacy, model transparency, and the necessity of human
oversight are explored in depth. By including current scientific researches, emerging technologies and real
world cases, the paper highlights Ai’s potential to make diagnostics much better, more accurate and equitable
across the globe.
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I. Introduction:

Diagnostics represents one of the most critical pillars of modern medicine. Accurate and timely
diagnosis is not only essential for the initiation of the effective treatment but also for preventing disease
progression, reducing healthcare cost and improving overall patient outcomes. Whether it is detection of chronic
conditions, catching cancer at early stage, or even confirming a presence of infectious disease, the diagnostic
process guides nearly every aspect of clinical decision making. However, traditional diagnostic approaches often
face limitations. These limitations include the dependency on human interpretation (increasing risk of human
error), limited access to expert professionals in some regions, delays due to time taking tests/procedures or
backlogs in imaging and pathology departments. In low resource areas these challenges result in underdiagnosis,
misdiagnosis and very delayed interventions that significantly worsen the patients prognosis.

The emergence of artificial intelligence offers transformative opportunities to address these diagnostic
shortcomings. By integrating powerful computational models especially those which are based in Machine
Learning, Deep learning, and natural language processing. Ai systems can process vast and complex datasets far
beyond human capacity. These models are trained to recognise difficult patterns, correlate diverse data, and
continuously improve with inputs. As a result Ai tools are increasingly capable of replicating and even
surpassing expert-level skills in specific tasks.
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Ai driven technologies are revolutionizing diagnostics in a number of ways. They can analyse high
resolution medical images such as CT scans, MRIs, PET scans and retinal photographs with greater consistency
and speed than human radiologists. They can also interpret Electronic Health Records (EHRs), including lab
results, patient history and clinical notes. Furthermore, Ai systems can identify biomarkers from genomic or
proteomic data, assess cognitive metrics for neurological disorders, and even interpret data from wearable
devices that track vital signs in real time.

II. Disease Detection Using Ai
Artificial Intelligence is increasingly redefining the way disease diagnosis is being done, particularly in
the early stages when intervention will be most effective. By leveraging data processing capabilities, deep
learning algorithms and access to medical images and patient records, Ai enhances diagnostic precision, reduces
errors and enables early intervention for life threatening illnesses. Below we explore key areas where Ai is
advancing early disease detection, supported by real world cases.

2.1 Ai based early detection of cancer through imaging and biomarkers

Cancer remains one of the deadliest diseases globally, with over 10 million deaths annually according
to the World Health Organisation (WHO) as of 2022. A major contributor to this fatality rate is late stage
diagnosis, often due to subtle imaging findings or inaccessible screening programs. Traditional radiological
techniques, while powerful, have their own limitations such as human fatigue, variability in interpretations and
challenges in detecting micro abnormalities in high resolution imagery.

Ai, Particularly in convolutional neural networks (CNN), has revolutionized cancer diagnostics by
improving the speed and accuracy of interpreting CT, MRI and PET scans. A prime example is Google’s LYNA
(Lymph Node Assistant), a deep learning model trained to detect metastatic breast cancer in pathology slides. In
clinical trials LYNA achieved 99% accuracy in identifying cancerous regions that pathologists frequently
missed. Moreover when used as an assistive tool, pathologists made fewer errors and completed evaluations
faster.

In lung cancer, Ai algorithms are used to automatically segment pulmonary nodules from chest CT
scans, distinguishing benign growth from malignant tumors. The National Lung Screening Trial (NLST) in the
U.S found that integrating Ai models improved radiologists detection sensitivity by upto 15% with fewer false
reports.

Similarly, in Prostate Cancer, Ai models like those developed by Tempus Ai and ProstatID analyse
MRI data to detect tumors in regions of the prostate that are normally difficult to assess manually. These
systems improved the precision of biopsy targeting and reduced unnecessary procedures.

The emerging field of radiogenomic, which combines radiological imaging with genetic molecular
data, further refines cancer detection and risk assessment. For instance Ai can predict BRCA1/BRCA2
mutations likelihood from imaging characteristics in breast cancer patients, guiding genetic counselling and
preventive treatment.

2.2 Deep Learning for Diabetic Retinopathy Diagnosis

Diabetic Retinopathy is one of the leading causes of vision impairment among working age adults
worldwide. Caused by damage to retinal blood vessels due to prolonged high blood sugar levels, diabetic
retinopathy often progresses very silently until irreversible damage or vision loss is done. Timely screening is
vital yet, ophthalmologists remain limited in many parts of the world.

Ai powered tools have emerged as a transformative solution to these challenges. One of the most
notable is IDx-DR, the first autonomous Ai system for Diabetic Retinopathy to receive FDA approval. It
captures retinal images with a fundus camera and provides immediate diagnosis without the intervention of an
eye specialist. This makes it ideal for use in rural health centres and primary care clinics

A groundbreaking research by Gulshan et al (2016), a deep learning model trained on over 128,000
retinal images achieved 90.3% sensitivity and 98.1% specificity in detecting referable diabetic retinopathy.
These results matched or exceeded the performance of board certified ophthalmologists, demonstrating AI’s
potential to change the face of eye care.

Global deployment of these tools have begun. In India the Aravind eye care care system uses google
Ai1’s model to screen thousands of patients in rural clinics. In Thailand, a nationwide rollout of Ai based diabetic
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retinopathy screening began in 2020, reducing the burden ophthalmology services significantly and ensuring
treatment for patients who are risk of blindness or vision loss
2.3 Machine learning in Early Alzheimer’s Disease detection

Alzheimer's disease is a progressive neurodegenerative disorder, presenting one of the most significant
diagnostic challenges in modern medicine. Clinical diagnosis often occurs after many years of the disease's
onset of brain changes, by which interventions are very less effective. Traditional methods rely heavily on
memory tests, physician observations, and post symptomatic imaging.

Ai is enabling early detection of Alzheimer’s related brain changes, particularly through imaging of
MRIs and PET scans. These tools can detect subtle structural changes such as hippocampal shrinkage or the
presence of amyloid plaque well before symptoms emerge. Machine learning models are also used to analyse
cognitive performance data, speech patterns or even change in handwriting to predict disease risk.

A remarkable example comes from the University of California, San Francisco (UCSF), where
researchers developed a deep learning model trained on FDG-PET scans. This model was able to identify the
early stage of Alzheimer’s an average of 6 years before clinical diagnosis, with over 90% accuracy. Such lead
time can significantly improve patients' life quality with early interventions, proper treatment and lifestyle
changes.

2.4 Skin Cancer Detection via Imaging

Skin Cancer, particularly melanoma, is one of the most common cancers globally but also one of the
most treatable when caught early, however access to dermatological care is limited in many areas and symptoms
are not threatening when at early stages.

Ai has demonstrated exceptional capability in image-based skin cancer detection. In one of the most
cited researchers, Esteva et al (2017) trained a CNN on 129,450 clinical images of skin lesions across 2,000+
diseases. The Ai achieved diagnostic accuracy on par with 21 board certified dermatologists, particularly in
distinguishing melanoma from benign conditions.

Building on these advancements, mobile applications such as SkinVision, DermAi and Google
DermAssist have brought skin cancer detection to the general public. These apps allow users to photograph skin
lesions with their smartphones, receive risk scores and seek medical evaluations if needed. While they are not
replacements for dermatologists, they are instrumental in raising awareness and prompting early diagnosis,
especially in remote communities.

In countries like Australia, where melanoma rates among are the highest globally, Ai based screening
tools have been installed into national skin check programs improving screening efficiency and reducing
diagnostic backlogs.

III. Advanced Diagnostic Tools
Artificial intelligence is not only moving forward with individual disease detection but is also playing a
crucial role in creating comprehensive diagnostic systems that assist healthcare professionals in evaluating
multiple symptoms and conditions. By combining structured and unstructured data such as lab results, imaging,
clinical notes and patient history; Ai supports the transition from reactive to proactive, data driven diagnostic
strategies.

3.1 Ai Powered Diagnostic Decision Support Systems (DDSS)

Ai driven clinical decision support systems (CDSS) are being used increasingly to give support to
physicians in interpreting complex diagnostic data. These Ai systems analyse a wide range of patient data all
over the world; from electronic health records (EHRs) and lab results to vital signs and reported symptoms and
use of Ai models to suggest possible diagnosis, highlight risks and even recommend treatment pathways

One of the earliest and most well known examples is IBM Watson for Oncology. Designed in
collaboration with Memorial Sloan Kettering Cancer center, Watson reviewed millions of scientific research,
patient history and medical trials to recommend cancer treatments tailored to individual patients. In initial trials
across hospitals in India and Thailand, Watson’s treatment suggestions aligned with oncologists
recommendations in over 93% of breast cancer cases. Although watson has since been phased out commercially
due to scalability challenges, it marked a critical proof of concept for Ai as a diagnostic assistant.
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Another successful system is Isabel, a symptom checking platform originally developed for pediatric
diagnostics and now widely used in adult care. Isabel’ Ai engine evaluates input symptoms, demographics and
patient history to produce a ranked list of potential diagnoses. In studies it has shown accuracy levels of over
85% in identifying the correct condition within top five suggestions making it an invaluable tool.

Another real world example could be seen in Mayo Clinic’s Ai enhanced electronic health record
systems, they automatically alert physicians when a combination of symptoms or health lab complications may
indicate severe conditions like sepsis which requires immediate attention and treatment. Studies show that these
alerts improve recognition and patients prognosis by over 30% reducing mortality and ICU stays.

3.2 Multi disease Diagnosis from Single Inputs

Originally, diagnostic systems had to be trained for detecting a single disease or a limited group of
diseases that were connected to each other. However, with the rise of multi-tasking and decision making Ai,
new models can now evaluate a single input like, chest X-ray, retinal scans, or ECG and assess for multiple
potential conditions at the same time, providing for a more effective diagnosis.

One of the biggest examples is CheXNet, a deep learning model that is developed at Stanford
University. Trained on over 100,000 chest X-rays from the NIH Chest X-ray14 dataset, CheXNet can diagnose
14 different pathologies, including pneumonia, tuberculosis, cardiomegaly, emphysema and pleural effusion
from a single image. This model too has performed equal to or better than radiologists in specific categories and
significantly reduces diagnostic time in emergency situations.

During Covid-19 pandemic, Ai based multi disease tools became particularly valuable. For example,
Qure Ai, an Indian health tech company launched gXR, a chestX-ray interpretation tool with the ability of
detecting Covid-19 pneumonia, tuberculosis and other lung problems at single scan.

In ophthalmology, RetinaNet an Ai tool developed by Google and DeepMind was trained to diagnose
not only diabetic retinopathy but also age releated macular degeneration and even glaucoma from retina fundus
imagery. These diseases often have overlapping features and symptoms but require different management
strategies. By offering a summarised output from single retina images, RetinaNet increases both accuracy and
efficiency.

In another field, researchers at MIT developed an Ai model that processes ECG data to detect multiple
types of arrhythmias, myocardial infractions and silent heart attacks. This Ai model is known as DeepHeart
which has shown promising results in detecting abnormalities that traditional ECG often miss, especially when
arrhythmias are asymptomatic.

IV. Innovative Diagnostic Technologies
More than imaging and decision support Ai models is making its way for innovating diagnostic
technologies that are reshaping the future medicine. The two biggest opportunities that are emerging are: (1)
integration of genomic data to enable predictive diagnosis, and (2) embedding Ai in wearable health tools for
real time physiological monitoring. These innovations can move diagnostics beyond hospital and clinics which
offer personalized, continuous and predictive healthcare solutions.

4.1 Integrating Ai with Genomic Data for Predictive Diagnosis

Genomic Medicine focusses on impact of DNA and genetic mutations in healthcare and disease. With
the cost of genome sequencing dropping impactfuly from nearly $100 million in 2001 to under $1000 today, a
huge amount of genetic data are now available. However interpreting this data to detect to predict disease
remains complex and time consuming. Ai addresses this gap by identifying patterns and mutations that may
indicate susceptibility to inherited diseases or future health risks.

Ai models use supervised learning and deep neural networks to correlate genomic data with specific
disease phenotypes. For example, Deep Genomics, a Canadian biotech company, uses Ai to identify mutation
disease relationships and predict how genetic changes influence RNA splicing which is a important factor in
many rare genetic disorders. Their Ai platform successfully predicted disease causing mutation that were later
confirmed in lab experiments accelerating drug discover and diagnosis

Similarly, companies like Tempus and PathAi combine genomic data with patient history and imaging
to provide profile for cancer patients. This helps in prediction treatment response leading to identification of
actionable mutations designing personalised treatment plans. Ai also plays vital roles in hereditary risk

DOI: 10.9790/1959-1404022935 www.iosrjournals.org 4 | Page



Artificial Intelligence in Healthcare: Revolutionising Diagnostics for a smarter future

prediction. By analysing parental genomes, Ai models can easily detect the likelihood of transmitting conditions
like cystic fibrosis or down syndrome to offspring. This helps families with crucial information for early
medical intervention and planning.

Despite so many clinical advantages, challenges still persist. Genomic datasets can be biased. Ethical
considerations such as data privacy, informed consent and physiological implications or predictive diagnosis
also demand careful handling.

4.2 Ai Powered Wearables for Real-Time DIagnostic Monitoring

Wearable technology is evolving rapidly from fitness tracking tools to clinically useful diagnostic
devices, many of which now incorporate Ai to provide real time analysis of health data. These wearables include
smart watches, biosensors, rings and patches that offer continuous monitoring of vital parameters such as heart
rate, oxygen saturation, sleep patterns, movement and even temperature. When combined with Ai these models
can detect abnormalities and predict potential health issues before they escalate.

One prominent example is Apple watch series 4 and later, which includes FDA cleared ECG sensors.
Using Ai algorithms it can detect atrial fibrillation, a common but often undiagnosed arrhythmia that can
significantly increase risk of stroke. The watch notifies the user and stores it in an iPhone health app, ECG
readings then can be easily shared to physicians enabling early intervention.

Another cutting-edge tool is the Oura Ring which monitors sleep quality, heart rate variability, and
body temperature. During the covid-19 pandemic, researchers used Ai models trained on Oura Data to detect
Early signs of infection sometimes days before symptom onset. In cardiology companies like Biofourmis offer
wearables paired with Ai platforms that continually monitor patients with heart failure or post surgical
conditions. Their devices tracked changes in heart rate, respiration and motion to predict acute decompensation
events, prompting timely medical response.

Furthermore Ai based voice analysis is gaining attention. Tools like Sonde Health use smartphone
microphones to analyse vocal biomarkers, detecting conditions such as depression, parkinson’s disease and
respiratory illnesses based on voice changes. However these are still in development but such non invasive tools
represent future of medicine

V. Field Specific Ai applications in diagnostics
While Artificial intelligence has proven its value in general diagnostics, its most transformative impact
is seen in specific medical specialties where it enhances precision, increases workflow and aids early disease
detection. This section explores how Ai is being involved into cardiology, pathology, gastroenterology and
neurology with focus on real world applications and current scientific research.

5.1 Ai in Cardiology: Detection of Arrhythmias and Heart Failure

Cardiology has emerged as one of the leading areas of Ai powered diagnostics. Conditions such as
arrhythmias (irregular heart rhythms) and heart failure always require timely detection to prevent complications
like strokes, sudden cardiac arrest. Originally diagnosis involves interpreting ECGs which can be challenging
due to volume of data and subtle variations that even experienced doctors might overlook.

Ai models, particularly those based on deep learning and recurrent neural networks have demonstrated
remarkable accuracy in ECG interpretations. AliveCor’s KardiaMobile, for example, is an FDA approved Ai
powered portable ECG device that can detect atrial fibrillation in real time. It allows patients to monitor heart
health from home which is particularly beneficial for elderly population and those who have difficulty moving.

Similarly, Mayo Clinic developed an Ai algorithm capable of detecting asymptomatic left ventricular
dysfunction which is a precursor to heart failure from standard ECGs, Published in Nature Medicine, this model
achieves over 85% accuracy. Companies like Cardiologs and Eko health are also integrating Ai into
stethoscopes to identify murmurs, valvular heart disease and structural abnormalities.

5.2 Ai in Pathology: Analysing Tissue Samples

Pathology is on top standard in diagnosing diseases such as cancer, infections and inflammatory
disorders, yet it relies heavily on human expertise and manual slide interpretation, which can be time consuming
and can vary in accuracy. Ai is now changing pathology by digitising and automating the analysis of tissue
samples.

Tools like PathAi and PagieAi utilise convolutional neural networks to analyse whole slide images of
biopsy tissues. These Ai models can detect cancerous cells, analyse tumor grades and predict outcomes based on
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the tissue. In breast and prostate cancer diagnosis, PathAi’s platform has demonstrated superior accuracy and
consistency compared to traditional pathology.

For instance, in a study conducted at Beth Israel Deaconess Medical Center, PathAi’s model achieved
pathologist level accuracy in identifying breast cancer and helped reduce diagnostic variability by 30%. Ai in
pathology is also enhancing workflow efficiency. Systems can pre-screen slides, highlight suspicious areas
which require urgent review. This is valuable for areas facing a shortage of trained pathologists.

5.3 Ai in Gastroenterology: Colonoscopy Image Recognition

Gastrointestinal cancers such as colorectal cancer are highly preventable with early detection.
Colonoscopy remains the most effective screening tool, still polyps and precancerous lesions are often missed
due to many reasons such as poor visibility. Ai assisted colonoscopy, powered by real time image recognition is
addressing these issues. GI genius by Medtronic for example is an Ai system that alerts gastroenterologists
during live imagery procedure when a potential lesion or polyp appears on screen. Clinical trials on this Ai
model have shown that it increases the adenoma detection rate (ADR) which is a key metric for cancer
prevention by over 14% compared to standard colonoscopy.

Other Ai tools like EndoBrain and EndoAngel which are developed in Japan and China respectively
use deep learning models which are trained on thousands of colonoscopy videos and images. These tools not
only highlight abnormalities but also classify polyps in real time as benign, premalignant or malignant, guiding
on the spot clinical decisions. Furthermore Ai is being introduced to be used in capsule endoscopy where
patients swallow a small camera. Ai algorithms can sift through 50,000 frames and flag abnormal images with
high sensitivity, reducing the burden on doctors and improving detection rates of Crohn's disease, bleeding or
ulcers.

5.4 Ai in Neurology: Detecting Parkinson’s and Epilepsy

Neurological disorders are often complex to diagnose and progressive in terms of irreparable damage
they do. Ai is increasingly used to analyse multi model data such as neuroimaging, motion tracking, voice
recordings and electronic health records as previously mentioned to aid in the detection and monitoring of these
conditions. In Parkinson’s disease Ai models trained on data from accelerometers and gyroscopes can detect
early tremors, gait abnormalities and motor fluctuations with greater sensitivity than clinical observation. The
mPower app developed by Sage Bionetworks and supported by Apple ResearchKit, uses Ai to analyse voice,
motion and cognitive tests taken via smartphone, helping researchers track Parkinson’s symptoms remotely.

Voice analysis is another powerful tool. Studies at the university of Sdo Paulo showed that Ai models
could detect vocal changes characteristic of Parkinson’s years before physical symptoms emerge, with accuracy
rates above 90%. In epilepsy, Ai algorithms trained EEG signals can detect seizure patterns and predict episodes
in real time. Devices such as NeuroPace’s RNS System uses Ai to monitor brain activity and deliver responsive
neurostimulation to prevent seizures before they occur.

VI. Challenges and Ethical Considerations

While Artificial intelligence has the potential to change healthcare and diagnostics forever, its
widespread adoption also introduces a complex array of technical, ethical, legal and societal challenges. These
concerns must be addressed to ensure the safe equitable and effective use of Ai in the clinical environment.

One of the most pressing concerns in Ai driven diagnostics is the protection of patient data. Machine
learning models require vast amounts of health data, ranging from medical images and electronic health records
to genomic sequences and wearable device outputs. Ensuring privacy, security, the ethical use of this data is
paramount.

Moreover Cloud based Ai tools used in diagnostics, such as image analysis platforms and wearable
data dashboards must ensure end-to-end encryption for data security and strict access control to prevent
breaches

VII. Conclusion

Ai is fundamentally transforming the landscape of healthcare diagnostics. From detecting life
threatening diseases at their earliest stages to enabling real time health monitoring through wearable devices, Ai
is not just enhancing existing capabilities, it is redefining what's possible in modern medicine. This paper has
explored the diverse and powerful applications of Ai in healthcare diagnostics, categorised into four broad areas:
disease detection, advanced diagnostics tools, innovative technologies and field specific applications. As the
healthcare sector moves towards precision medicine and value based care, the integration of Ai will be essential
just like every industry in the future. It offers a vision of diagnostics that is not only faster and more accurate but
also more equitable and preventive. But the full realization of the vision depends on the continued collaboration,
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between engineers, doctors, policy makers and patients. In conclusion Ai is not merely a tool in diagnostics; it is
a partner in reshaping the future of healthcare, making it more intelligent, accessible and human centres.
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